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It's been a whirlwind November starting with Microsoft's abrupt cutoff of
ChatGPT access for its employees. The company's internal struggles reached a
boiling point on Nov 17 when the board of directors ousted CEO Sam Altman.
This decision sent shockwaves through OpenAl, leading to the resignation of
president and co-founder Greg Brockman in solidarity with Altman.

ChatGPT signups next day
Microsoft learns about Altman’s Greg Brockman resigns as bk
sacking a “minute” before the world chairman of board at OpenAl e’
Altman sacked by OpenAl board Altman's sacking made public in 17 NOV

a blog post

[T

OpenAl co-founder Greg

COO Brad Lightcap says in

Mira Murati appointed

cog’ Bockman says Altman internal memo firing a result of interim CEO
fired over Google Meet “breakdown in communication”
18 NOV without prior warning
bk Altman considers Microsoft announces hiring Sam Altman tweets
¢ 4 launching new Al of Sam Altman and Greg “The mission continues”
startup Bockman to lead new
19 NOV research division
Poag Former Twitch boss 500 OpenAl share open letter “OpenAl is nothing without its
see’ Emmett Shear threatening mass resignation people” begins trending on X
announced new OpenAl
20 NOV CEO
T ® 22 NOV y/
] b
"y OpenAl board member llya OpenAl releases a statement Alénggnasn:%um:eag i
;;::-' Sutskever expresses regret that it has come to a "deal in . =
over Altman's dismissal principle” for Altman to return
21 NOV as CEO, with a new board
CTO Mira Murati shares
photo with Brockman,
Altman, others, and herself
at Altman's house
Source:
@ VENNGAGE https://www.thestatesman.com/technology/sam-altman-openai-saga-a-

timeline-of-events-that-shook-up-the-big-tech-ai-battle-1503243014.html




OpenAl Co-Founder Ilya
Sutskever’s New Al Firm Raises $1
Billion

Sutskever’s Al startup, said its investors include
Andreessen Horowitz, Sequoia Capital, DST Global
and SV Angel
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llya Sutskever’s new Al firm has raised $1 billion from investors.
(PHOTO: AMIR COHEN/REUTERS)

By Kimberley Kao

Sep 05,2024 1226 am.ET
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Sutskever’s New Al Firm Raises $1
Billion

Sutskever’s Al startup, said its investors include

Andreessen Horowitz, Sequoia Capital, DST Global
and SV Angel

llya Suts as raised $1bil
(PHOTO: COHEN/REUTERS )

By Kimberley Kao

OpenAl co-founder Ilya Sutskever’s new firm,
aimed at building “safe” artificial intelligence
models, has raised $1 billion from investors.

Safe Superintelligence (SSI), Sutskever’s Al
startup, said in a post on X, formerly Twitter,
that its investors include Andreessen Horowitz,
Sequoia Capital, DST Global and SV Angel.

NFDG also participated in the fundraising round.
NFDG is a venture capital partnership between
Nat Friedman, former chief executive of Github,
and SSI’s co-founder Daniel Gross.

WHAT’S NEWS

OpenAl Rival Anthropic Sets
Sights on Enterprise Market

@ Listen 12 min &

SSIwas founded in June with a focus on building

safe Al models, shortly after Sutskever left
OpenAl, where he was chief scientist and led a
team focused on developing safety systems to
control Al and keep it in line with a set of human

values.
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What is logic-based (=
logicist = logical) Al ...



L-BAl is the science and engineering of artificial
(intelligent) agents whose computation
mediating percepts and actions if reasoning in
one or more logics/meta-logics.



L-BAl is the science and engineering of artificial
(intelligent) agents whose computation
mediating percepts and actions if reasoning in
one or more logics/meta-logics.

Section 2.1 Agents and Environments
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Figure 2.1 Agents interact with environments through sensors and actuators.
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Logisk
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“Wow Euclid, humans are

really smart!” Only Logic Can Save Us, i.e.

& discovered, and .
only Logisk can save us.

A fragment of first-order modal logic as well.
logic = &, introduced.
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DCEC*

Rules of Inference

Syntax
- Ry] [R]
Object | Agent | Self [ Agent | ActionType | Action C Event | C(t,P(a,1,0) = K(a.1,0)) C(1,K(a,1,9) = B(a,1,9))
" Moment | Boolean | Fluent | Numeric Ct,0)1<tp...t<mn (R3] K(a.1,0) [Ra]
3 4
K(ay,11,...K(an,m,9)...) [
action : Agent x ActionType — Action RS]

C(1,K(a,11,01 — ¢2)) = K(a,1p,01) — K(a,13,07)
initially : Fluent — Boolean

[Re)
holds : Fluent x Moment — Boolean C(t,B(a,11.01 = ¢2)) = B(a,1p.41) = B(a,13.07)
happens : Event x Moment — Boolean [R7]

C(1,C(t1,01 = ¢3)) = C(rp,01) = C(13,07)
clipped : Moment x Fluent x Moment — Boolean (k]
R
f ::= initiates : Event x Fluent x Moment — Boolean C(r,Vx. ¢ = dlx—1]) 8 C(t,0] < 0p = 0y — ﬁ¢,l)
terminates : Event x Fluent x Moment — Boolean [R1o]
prior : Moment x Moment — Boolean Cl 01 A nOn = 0] [0 == 0 = )
interval : Moment x Boolean Blar,9) 0w R B(a.r,9) Blat,y) ]
By 1la Blarvno) 116
+ : Agent — Self (et ¥ LY
payoff : Agent x ActionType x Moment — Numeric S(s,h,1,0) Rpo]
B(h,t,B(s,1,0)) 12
. 1(a,1, happens(action(a* ,),1’)) Rpa]
N ; Ri3
P(a,t, happens(action(a® ,0),1))
t:Boolean | =0 [ 9 AW | OV | B(a.1,0) B(a.t.O(a*,t.«b,ha])pms(actian(a*,(x),l/)))
P(a,1,0) | K(a,7,0) | C(1,0) | S(a,b,1,0) | S(a.t,¢) O(a,1,0, happens(action(a*,a),1')) 14l
n= _ - 14
B(a,1,0) | D(a,t,holds(f,t")) | (a,t, happens(action(a* ,a),1")) K(a,t,1(a* 1, happens(action(a* ), 1')))
O(a,1,9, happens(action(a®,),1")) oV [Rys]

O(a.1.9,y) < O(a,1.y,y)
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And now, the Theoremhood Decision Problem,

i.e., the Entscheidungsproblem,
(THEOREMFoL)

for First-Order Logic (FOL)

Llama(larry) — Jz(Llama(z)) Yes, proof

> >

input output

Not just hard: impossible for a (and
this needed to be invented in the
course of clarifying and solving the
problem) standard computing machine.
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Applying this to ...
The Singularity Question

A:

Premise 1 There will be Al (created by HI and such that AI = HI).
Premise 2 If there is Al there will be AI™ (created by AI).
Premise 3 If there is AI™, there will be AITT (created by AIT).

S There will be AI™™ (= 8 will occur).

(Good-Chalmers Argument)

(Kurzweil is an “extrapolationist.”)



Applying this to ...
The Singularity Question

S50, these super-smart machines that will
be built by human-level-smart machines,
they can’t possibly be smart enough to
solve the Entscheidungsproblem. Hence
they’ll be just (recursively) faster at
solving problems we can routinely solve!?
What's so super-smart about that!?






Logikk kan gi dyp glede!



