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Exhortation ...



Plan to make sure you're up-to-date-ish
before Spring Break on HyperGrader®’s

current (Required = Homework)
Problems, due

Apr 18 2024 | lam NY time.

More FOL etc problems of course
forthcoming ...



New Pop Problem: FregTHENZ,
with corresponding truth-tree Exercise
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Either way, a contradiction!

Therefore the entailment holds!
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Questions!



Theorem:

Let ¢ be a theorem in the propositional calculus = L.
Then the truth-tree algorithm will lead to no open branches.



On Measuring The
Intelligence of Agents

using quantification ...
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Arithmetical Hierarchy

This, all of this, is derived from consideration of first-order logic and
second-order logic, with an emphasis on quantification and proof.

“Hey, do these two Java programs compute the very same function?” H2
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Measuring Al Intelligence via (in part)
Logic:Quantification

Toby Walsh: “The Singularity May Never Be Near”
(http://arxiv.org/pdf/1602.06462v | .pdf)

“I will not tackle here head on what we mean by
measuring the intelligence of machines (or of humans). |
will simply suppose there is such a property as
intelligence, that it can be measured and compared, and
that the technological singularity is when this measure
increases exponentially fast in an appropriate and
reasonable scale.” (p. |)


http://arxiv.org/pdf/1602.06462v1.pdf

But logico-mathematical definitions of
intelligence for animals, humans, machines,
aliens, gods ... are possible; recall our
consideration of the Entscheidungsproblem.
We can specifically challenge today’s Al on
the basis of simple quantification and
simple deduction ...
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First, need some numerical quantifiers:

JaVy(y = x A ¢(x)) will be 3=z (z)
JrIyFz(z Ay Ay # 2 Az # 2 A d(x,y, z)) will be I=320(2)
How do we define formulae of this type: 3=z ()
How do we define formulae of this type: 3="z(x)

Okay, now Al:
At least seven kenspeckle blookers are red.

Given this, is it true that there are two red blookers? Why, exactly!?



VaeVyVz {le Zy Ny #2ANx#2NCx ANCyANCz A

Tz N

Jwidwsy (w1 # wo A Awy N Awg A G2'wy A GZ'wsg) A
\V/U1\V/UQ\V/U/3 ((Gz’u1 N\ GZIUQ N\ GZ’Ug A\ Cbul N\ CbUQ A\ CbU3) —
Vo((GZvANC%) = (W =u1 Vv =us Vv =u3)))]

N

(Gxz' NGyz' NGz2')}

Every three cylinders glower at any triangular prism that
olowers at at least two arches and at at most three cubes.



VaVyVzVz' |

TEYNYF2NT F 2
A
Cx NCyANCz
A
T2
N

JwyJws (w1 # wa A Awy A Awg A GZ'wy A Gz ws)

Vu1Vu2VU3

A
([GZ'ur A G2'uz A G2'uz A CPur A CPug A CPus |
%

\VU[(GZ’U ANC) = (v=u Vv =1usVov= U3)U _
%
(Gxz' NGyz' NGzz")
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Intelligent Artificial Multi-Agent

Tentacular Al" Al
at Work in Problem-Solving in VQ'AJV
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Part |: Slutten — for i dag.



Part |: Slutten — for i dag.

Part ll: Hands-on Q&A & Review ...



